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Comparative study of ANN and XGBoost in Water Level Prediction: A Case Study of the Pasak River in Thailand
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Abstract

Flooding and drought are some of the natural disasters in Thailand.
It is a challenge to manage water resources to control the water level.
However, many dams have been built to sufficiently hold Thailand's wa-
ter resource reservation in the dry season. Oversupply water retention
lead to flooding in the rainy season. Accurate forecasting of water level
is, therefore, one of the important factors to make a decision-making pro-
cess in controlling water level. This research aims to study machine learn-
ing techniques for water level prediction in the Pasak River basin. Ex-
treme Gradient Boosting, a useful machine learning technique, has been

implemented. Water level and precipitation of stations PAS001, PAS002,

available online May 1, 2023. .

PASO003, and PAS004 are variables, and water level in PAS004 is the
target prediction. The study found that ANN and XGBoost algorithm are
accurate in predicting water levels. The evaluation means absolute error
(MAE) by ANN is 2.42 cm. and XGBoost is 3.14 cm. The ANN algo-
rithm uses computer’s memory much more and takes time for learning

process longer than XGBoost.

Keywords: Machine learning, Water level prediction, Artificial Neuron

Network, XGBoost
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Abstract

This paper presents the design and development of a Simplified
Fuzzy Resonance Theory (SFAM) with an auto-adaptive multi-
vigilance parameter. Using the concept of adaptation from human
familiarity in recognizing things to make a decision of patterns of the

artificial neural network more flexible and efficient. Based on the

available online May 1, 2023.

original SFAM architecture that has only one vigilance parameter is
defined and it is not adaptive. This vigilance parameter was designed to
compare the similarity of the dataset to winner neurons stored in the
neural weight layer. causing the flexibility in the model of the artificial
neural network to decrease Therefore, an idea was born to design and
develop the architecture of a simple adaptive fuzzy resonance theory
network to be more flexible by designing an algorithm that can generate
multiple vigilance parameters based on the number of nervous weight
neural and this parameter can be adapted according to the learning
process that the neural network receives from the dataset. Two types of
datasets were tested including 1. simple input dataset and 2. complex
input dataset. The test results show that the efficiency of the purpose
neural network has an accuracy percentage of 96.67% and 95.33%
respectively. While traditional networks have accuracy percentages of

86.67% and 92.66%.

Keywords: Machine Learning, SFAM, Auto Adaptive Multi Vigilance
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Abstract

This paper describes how to enhance the algorithm for determining
the orientation of an object by predicting the orientation based on trace
transform domain data. The image data trained by machine learning are
transformed by the trace transform algorithm rather than being explicitly
learned. The output of the trace transform algorithm is 2D data, which is
then reduced to 1D data via the DFTF process. The 1D data is then further
processed by machine learning. In the experiment, it was determined that
the proposed system has three machine learning algorithms with the
highest test accuracy from the database of water bottles and various
produce databases. The accuracy of the following algorithms, Naive Bay,
Random Forest, and Support Vector Machine, is 98.99%, 95.63%, and

93.2%, respectively.

Keywords: Trace Transform, Machine Learning, Discriminant Feature
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The effect of grey and black floating platforms on the power conversion of bifacial solar cells
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Abstract

This research examines the impact of gray and black floating
platforms on the power output of bifacial solar cell systems. Factors
studied include the average power of the solar cell system (APg.),
irradiation, wind speed, surface morphology, light absorption, and light
reflection (R%) for both gray and black platforms. Solar panels were
installed at an 8-degree tilt angle facing south. Findings indicate that gray
platforms demonstrate notably higher R% than black platforms, resulting
in a ~0.46% power output increase for solar panels on gray platforms
compared to black ones.

Keywords: Floating platforms, Bifacial solar cells, Solar path.
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Abstract

Due to an awareness of the climate change crisis and
a cost reduction of renewable energy technology, more
residential electricity consumers tend to install renewable
energy technology in their homes and become prosumers.
Consequently, an alternative energy market called peer-
to-peer energy market is introduced allowing these
prosumers to trade energy with neighborhoods. This paper
proposes a matching mechanism for participants in the
peer-to-peer energy market which allows peers to match
with preferred neighborhoods. This proposed mechanism
can be applied with multiple peers’ preferences and also
has no difference in matching results whether buyers or
sellers start the matching process, which can be implied
that equality among participants is secured. A matching
mechanism between three buyers and three sellers is
simulated in two scenarios. The first one is a scenario in
which buyers start the matching process and sellers start
the process in the second scenario. The simulation result
shows that both matching results are identical.

Keywords: Peer Matching Mechanism, Peer-to-Peer
Energy Market, Preference, Prosumer

1. Introduction

A renewable energy technology tends to be
increasingly used nowadays due to more awareness of the
climate change crisis and the cost reduction of renewable
energy technology, e.g., solar PV systems [1].
Consequently, Residential electricity consumers tend to
install more renewable energy technology, e.g., Solar PV
systems, in their homes [2] changing their role from
consumers to prosumers, consumers who can produce
power. In recent research, prosumers are allowed to trade
energy with neighborhoods through an alternative energy
market called the peer-to-peer energy market.

In a traditional energy trading scheme, consumers
purchase energy from a utility with a retail price and
prosumers sell excess energy to the utility with a buyback
price. On the other hand, the peer-to-peer energy market
allows prosumers to directly negotiate with neighborhoods
to reach a mutual trading agreement which consists of an
agreed trading quantity and price between two parties. [3]
Since the peer-to-peer energy market helps prosumers to
match with the nearby neighborhoods, this market
performs a local balancing in a grid which reduces power
loss due to a lower power sending from distant power
plants. Moreover, prosumers can make more profit due to
peer-to-peer trading prices being higher than the buyback
price and consumers can also achieve more cost-saving
due to peer-to-peer trading prices being lower than the
retail price.

There are many challenges in the peer-to-peer energy
market. One of them is how to design the matching
mechanism considering the preferences of market
participants. The previous research associated with this
challenge can be found in [4-7]. Guerrero et al. [4]
proposed a matching mechanism with the utilization of a
deferred-acceptance algorithm and electrical distance
concept with buyers as initiators. This method performs a
stable matching and allows peers to match with electrically
closer neighborhoods. Zhao et al. [5] proposed an iterative-
based matching process with social relationship preference
consideration. In this scheme, the consumer sends a
matching offer to the producer based on social relationship
value and the producer reacts to that offer based on the
weighted value between social relationship value and the
consumer’s price. However, both proposed matching
mechanisms in [4] and [5] can give different matching
results when changing the starter role from buyer to seller.
Khorasany et al. [6] proposed a peer matching and
negotiation method for prosumers in the peer-to-peer
energy market. In the peer matching process, each peer
ranks another party with offered prices and transaction fees
estimated from loss. Then, each peer iteratively sends a
matching offer to another party based on those ranks. This
scheme can match peers without different matching
results. Nevertheless, the matching mechanism from [4] to
[6] consider only single participants’ preference. Talari et
al. [7] proposed a peer matching process that considers
three different preferences, which are location, reputation,
and type of resources. Each participant can uniquely adjust
the premium price for each preference through premium
coefficients. Although this scheme considers more than
one preference simultaneously, the preferences of each
participant are still limited only to location, reputation, and
type of resources. Participants can’t freely set their own
multiple preferences in the matching process.

To mitigate the aforementioned research gap, this
paper proposes a peer matching mechanism for peer-to-
peer energy market participants which allows each
participant to freely set their unique multiple preferences
in a matching process. The proposed matching mechanism
is an iterative-based method using multiple preference
conditions and offered price to rank willing-to-match
neighborhoods. By doing this, not only more participants’
preferences can be freely applied in the matching process
but also has no difference in matching result whether
buyers or sellers start the process which can be implied that
the proposed mechanism guarantee equality among
participants.

The rest of this paper is organized as follows. Section
2 presents an overview of the preference-based matching
process in a peer-to-peer energy market. In Section 3, four
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steps of the proposed peer matching mechanism are
explained. Section 4 presents simulation results and a
discussion. Finally, Section 5 concludes the paper.

2. Preference-Based Matching Process

This section describes the matching process in a peer-
to-peer (P2P) energy market based on the preferences of
market participants. The P2P energy market enables
buyers and sellers to engage in direct energy transactions
based on their preferences, without the participation of an
intermediary. This removes the need for an intermediary
in these transactions.

On a P2P market, participants can typically identify a
variety of trading preferences, allowing them to trade
energy as they reach an agreement on these preferences.
The preferences of participants may include the types and
sizes of generators, the total amount of demand, the
distance between any two participants, and the trading
prices between them.

Furthermore, as depicted in Fig. 1, when one party
receives the information submitted by the other, that party
has the right to assign priority. They will be matched if the
first priority of two participants is identical; otherwise, the
lower priority will be considered. This is done so that the
most suitable partner for a contract can be selected.

3. Proposed Matching Mechanism

This section describes four steps of proposed peer
matching mechanism which are preference conditions
setting step, information exchanging and ranking step,
scoring step, and matching step respectively.

Before the matching mechanism is performed, each
market participant should determine the offered power
and price and also identify his/her role as a buyer or seller.
This paper assumes that prosumers will do a self-
consumption first and then sell excess power as sellers if
their power production is higher than demand, otherwise,
they will buy power from the market to cover the rest of
demand as buyers. For consumers, they always participate
in this market as buyers.

A. Step 1: Set Preference Conditions

In this step, each participant determines preference
conditions or properties of peers that he/she is willing to
match with. After that, each participant sets the order of

these conditions based on the level of desire, i.e., if he/she
prefers one property the most, he/she will set that property
to be the first. Then, the next most desired property will
be set in the next order.

B. Step 2: Exchange Information and Ranking

After each participant has a set of ordered preference
conditions, he/she starts to exchange information with
his/her neighborhoods based on his/her preference
conditions and the neighborhoods’ preference conditions.
After exchanging all necessary information, each
participant will consider his/her first priority condition
with each neighborhood’s information, i.e., if his/her
neighborhood satisfies his/her preference condition,
his/her neighborhood will be promoted to higher rank and
will be validated with the next preference condition.
Inversely, his/her neighborhood will stay in the same
rank. After ranking all neighborhoods with each
preference condition, then he/she will rearrange the order
of his/her neighborhood in each rank with his/her
neighborhood’s offered price. If his/her neighborhood is a
seller, the order is ascending If his/her neighborhood is a
buyer, the order is descending.

A flowchart of this step is demonstrated in Fig. 2.
Note that the description of variables in the flowchart can
be seen in the next step’s explanation.

C. Step 3: Scoring

In this step, each participant uniquely gives a willing-
to-match score to each of their neighborhood based on rank
and order from previous step. The higher rank or higher
order means higher priority and neighborhood with higher
priority will be given a higher score by a certain
participant. A score given to each neighborhood by each
participant is demonstrated in (1)

score;j = # x(n+2—my;) - XL'J//i,j ! X (ﬁ +0.01) (1a)
scorej; = # X (n+2—-my) - x’;}—_ll X (ni}; 7+0.01) (1b)
where,

i,j is 1D of seller i (buyer j).

ng,n; is  Total preference of seller i (buyer j).
f is  An identical maximum score that can be given
to one participant.

m;; is  Rank of seller i given by buyer j.

Yij is  Total number of sellers who are in the same
rank with seller i.

X j is  Order of seller i compared to other sellers in
rank m; ; (After rearranging the order based
on prices offered by sellers).

mj; is  Rank of buyer j given by seller i.

Yji is  Total number of buyers who are in the same
rank with buyer j.

Xj; is  Order of buyer j compared to other buyers in

rank m;; (After rearranging the order based on
prices offered by buyers).

A willing-to-match score given to seller i by
buyer j.

A willing-to-match score given to buyer j by
seller i.

score;j s

scorej; IS
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Fig. 2(a) A flowchart of ranking and reordering process by buyer j.

After the score determination step ends, each
participant will exchange scores with neighborhoods who
are different role. That means sellers only exchange
scores with buyers.

D. Step 4: Matching

After exchanging score step terminates, each
participant will know a score that he/she gives to each
neighborhood and also a score that each neighborhood
gives to him/her. Next, each participant sums both scores
together, as shown in (2)

score_sum,; j = score;_j+ Scorej.; 2

In the matching process, the proposer and recipient are
introduced. The proposer sends a matching offer to a
specific recipient and that recipient will consider and then
responds to that offer. If the recipient accepts the offer,
the proposer and recipient are matched. Otherwise, they
will not match, and the proposer will send an offer to
another recipient. In this work, the proposer sends a
matching offer to a recipient whose summation of scores
is highest as possible and the recipient will accept that
offer if two conditions are satisfied. That is, the selling
price is higher than buying price and a summation of

2, May - August 2023

Start
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Collect buyer's order in rank a

Does seller i rearrange buyers in all rank
(@=n+1?)

All x; ; are known

Fig. 2(b) A flowchart of ranking and reordering process by seller i.

scores from the perspective of this recipient is also highest
as possible. If that proposer is rejected, he/she will send
an offer to a recipient with the next highest score.

There possibly has multiple rounds in matching
process, which one round will end if one-on-one peer
matching is done as much as possible. After a certain
round ends, each participant will update his/her power and
do matching in the next round. The proposed matching
process finishes when there is no more possible matching
or exceed time.

4. Results And Discussion

The proposed matching mechanism is simulated in
two scenarios. That is, when buyers are proposers and
when sellers are proposers. This section compares
matching results from these two scenarios.

In this simulation, there are three sellers and three
buyers participating in the matching process. Table 1 and
Table 2 show sellers’ information and buyers’
information respectively. The offered prices are
randomized between utility buyback price which is 2.20
Baht/kWh and time-of-use (TOU) retail price which is
5.80 Baht/kWh. So, the exchanged price in peer-to-peer
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Table 1 Sellers’ information

Table 5 Matching result when buyers are proposers

Seller's | Offere Offed price Other information
1D d (Baht/kWh) -
power Gen.type | %error; location
(kw)
i=1 5 3.37 Solar PV 11 (0,0)
i=2 4 3.68 Solar PV 14 (3,3)
i=3 6 4.29 Solar PV 20 (1,1)
Table 2 Buyers’ information
Buyer's Offered Offed price Other information
ID power (Baht/kWh) [ ogerror; location
(kw)
j=1 7 4.92 25 (3,4)
j=2 5 5.34 1 (7,3)
j=3 3 3.82 6 (5,2
Table 3 Preference conditions of each seller
Seller's Preference conditions of sellers
1D #1 #2 #3
i=1 error_j <=3% - -
i=2 distance <=2 km error_j <=5% distance <=5 km
i=3 distance <= 3 km - -
Table 4 Preference conditions of each buyer
Buyer's Preference conditions of buyers
1D #1 #2 #3
j=1 gen. type. = wind gen. type. = solar distance <=5 km
j=2 error_i <= 15% gen. type. = solar -
j=3 error_i <= 13% -

market is bounded between 2.20 and 5.80 Baht/kWh
which confirms that market participants will gain more
economical benefit compared to a traditional energy
trading scheme. Table 3 and Table 4 show preference
conditions which are freely set by each seller and each
buyer respectively. The preferences of participants
include the types of generators, the distance between any
two participants, and %error. Note that %error; is an
average error between forecasted power and actual
exchange power of selleri. in the past and %error;is an
average error between forecasted power and actual
exchange power of buyer j. in the past.

4.1 Simulation Results

After each participant manually selects their unique
set of preference conditions with priority consideration as
shown in Table 3 and Table 4, each seller exchanges
his/her information in Table 1 with buyers. On the other
hand, each buyer exchanges his/her information in Table
2 with buyers.

Then, each participant will rank and reorder their
neighborhoods based on his/her preference conditions and
neighborhoods’ price respectively. m; ;,y; ;, x; ; are used to
calculate a willing-to-match score given to all sellers by
each buyer and m;;,y;;, x;; are used to calculate a willing-
to-match score given to all sellers by each seller.

Lastly, participants share a willing-to-match score
with neighborhoods, calculate score summation of every
possibility. Then start a matching process based on a
proposed mechanism. The matching results when buyers
are proposers and when sellers are proposers are shown in
Table 5 and Table 6 respectively.

4.2 Discussion

From Table 5 and Table V, the matching results are
identical whether buyers or sellers start the process. These
results occur because the participants can be matched
when both parties have the highest summation of scores
as possible only. Although this proposed method secures

Round Buyer's ID Seller's ID Matched power (kW)
1 1 2 5
1 2 1 4
2 1 3 3

Table 6 Matching result when sellers are proposers

Round Buyer's ID Seller's ID Matched power (kW)
1 1 2 5
1 2 1 4
2 1 3 3

equality among sellers and buyers, participants might not
match with the most preferred neighborhood. So, there is
a trade-off between equality and individual preferred
match.

5. Conclusion

This paper presents a matching mechanism for
participants in a peer-to-peer energy market with
consideration of participants’ preferred preferences and
the equality among them. From the simulation results, it
was found that there was no difference in the matching
results, regardless of whether the buyer or seller initiated
the matching process. Therefore, it can be confirmed that
equality is achieved between buyers and sellers in the
market. However, the proposed mechanism requires all
participants to choose their matches based on pairs with
the highest summation of scores, which may differ from
other research that allows participants to choose their own
matches based on only individual preferences. Therefore,
achieving equality may require some trade-off.

Since there is a possibility of obtaining equal
summation of scores and not being able to decide which
market participants should be matched, in the future work,
other indicators may be included to making decisions in
such cases. Additionally, the mechanism may need to
consider the impact of peer-to-peer energy trading on low-
voltage three-phase distribution systems which can affect
the matching process and the amount of electricity that
can be traded in the market.
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Abstract

It is essential to engage in lung rehabilitation for individuals
who have recently recovered from COVID-19 and are
experiencing pneumonia. The rehabilitation process involves
incorporating movements or exercises that gradually promote the
restoration of flexibility in the lung tissue and air sacs, allowing
them to regain their full capacity. This research presents a device
for analysis and managing lung capacity in patients who have
recovered from COVID-19, aiming to promote lung function and
continuous pulmonary rehabilitation. The same device also
includes an evaluating of blood oxygen saturation levels by
measuring the quantity and rate of airflow through sensors that

detect air pressure differentials. Additionally, the concentration of
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oxygen in the blood (SpO2) is measured through the assessment
of oxygen levels at the fingertip. The test results compared to the
standard instruments showed that the Peak Flow and Flow Rate
values were within 99% accuracy. However, the SpO2
measurements had an error range of approximately +1. This can
be applied to patients to enhance their lung function assessment,
pulmonary rehabilitation, and SpO2 evaluation, especially for
those recovering from COVID-19 or individuals with respiratory
system issues. It provides greater convenience in accessing these
assessments, and the data can also be further analyzed to gain
valuable insights into the overall respiratory system functioning

and lung health of patients.

Keywords:  Lung rehabilitation, COVID-19 recovery, Lung

capacity analysis, Lung exercise device
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3. AfmInadsy waminadeuuasanliy
Aewhlimaasufugihate \A304 BreathSmart Pro+ o
idhluaeuilsiiueg 9 deufuaiedioTamasgm dail
3.1 @1 Peak Flow Lﬁﬂuﬁmﬂém MicroLab 3500 Spirometer

5_’% MK 8 %@ CareFusion (https://www.medisave.co.uk/) WaN13

MﬂﬁﬂﬂLLﬁﬂﬁﬁ\iﬂT‘iNﬁ 1
3.2 @1 Flow rate iigufM1A399 Spirometer §14 22-2500 810
Smiths Medical (https://www.vitalitymedical.com/) Han1snadau

LANNAIN TN 2

M3197 1 wamsaeufiuan Peak flow Wiguiuia3es MicroLab 3500

Spirometer §4 MK 8 8@ CareFusion

11N mitfalénn aanu

Lﬂ%‘a\i BreathSmart Pro+ (L/m) L“?"IENVI‘N
NATTIU fade Wiy
(L/m) ! 2 } ! s (L/m) (%)
300 305 | 302 | 301 | 303 | 303 | 3028 99.07
400 404 | 403 | 405 | 401 | 402 | 403.0 99.25
500 505 | 501 | 509 | 503 | 504 | 504.4 99.12
600 602 | 604 | 604 | 603 | 605 | 603.6 99.4
MANNTHBIATURABTIN (%) 99.21

M1519% 2 wan1saauLiisual Flow rate tAguuLaTa9 Coach 2
Incentive Spirometer §% 22-2500 ##@ Smiths Medical

11N mitfalénn aanu

Lﬂ’a‘im BreathSmart Pro+ (mL/s) Lﬁmﬂﬂ
AT fade Wiy

1 2 3 4 5

(mL/s) (mL/s) (%)
400 403 | 402 | 403 | 402 | 401 | 4022 99.45
500 503 | 502 | 501 | 505 | 502 | 502.6 99.48
600 601 | 608 | 605 | 602 | 603 | 603.8 99.36
700 704 | 708 | 705 | 703 | 701 | 7042 99.40
ManunTuRdenIn (%) 99.42

MINA 3 nansaauivua1 Oxygen saturation WoUNULATEY Pulse
Oximeter 4 CMS70A 8¥ia CONTEC

. 4 amitvaldan
A1NLATDN ,
BreathSmart Pro+ (%) M
MATIN i -
anndy HAWAA
(%) 1|2 |3]|4]|s
(%)

97 98 | 97 | 97 | 98 | 98 97.6 +0.6
9 9 | 95| 95| 9 | 96 95.6 0.5
9 95 | 96 | 97 | 97 | 95 96.0 0
98 99 | 98 | 99 | 97 | 97 98.0 0

3.3 denudniuneseendauluiden (Sp02) Weniuaie
CMS70A  ##®  CONTEC
(https://www.contecmed.com/) WANTNAFDULANAINTINN 3

Pulse Oximeter i; i)

wonnil Hfidimnesmsnsadougiouaziunoulunsli
waosfiolanligdmmaiuam 3 hu nnemstineinannam
Mangnnaglun) 2 ulasnennaimiu wihsnunennany
aranssamulen 1w lasasviimavadey 4 Wenfu de (1)
flanfunisasaanssanwtea (2) MeAafunsusmsilea 3)
anFumsasaTamenudininaeseanduuluion was (4) my
@u,a%'ﬂmm%aa Tnomdaianuasamuiion (Content validity
index: CVI) dmwinwldian

NATINASUUUANNAATIU B H MY

CVI= 3

Nugdornay


https://www.medisave.co.uk/products/microlab-3500-spirometer-mk-8-inc-spirometry-software-p-4598
https://www.vitalitymedical.com/
https://www.contecmed.com/
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Hagfiomslinuiaios BreathSmart Pro+ ld¥umsanaden
awanmmitemmngidsmainm 3 i fddsianuas
ilom (CVI) whity 0.93 Feuawaldi MdBRANNATIINLI N
Fwnosfigoenm

Nnuansnadauleaudg 9 1891A304 BreathSmart Pro+
WisnMnaiesfieTamarpunuiimininuiianudeandes
gndaanazuiuiluszdugenanie @ Peak Flow uas Flow Rate
fianuuaiudirde 99% vagfidranudniunesaondiauluidon
waaedfafiawmalseanonnga £0.6 wieiin 99.3% auaad
Wiiuhgunstiinauefianuannsonazanugndeansoniiay
ilinedevlufudely de mailulinaaeufuglinuasean
sudfisumaifememsunmd g luonanuitlildinauonanis
nadauusazuanaqiliaginesginsal wiie gilouasmsirll
nadouBeINANIWENING uaasTagil 4

4. @ayd
miﬁuw"ﬁminmwﬂamﬂuﬁ'ﬁﬁwﬁ'mﬁm%’u@'ﬁﬁuﬁnm
COVID-19 uflumsnanuaumaaionlnuaznseanimdeny
atndeuifludeshiteduanudangulmiloidoroauazqean G
aztuldaansaituanssanléiai audteilinauegunyali
panuuuNWiioaNed Useiiiu duadumsinuneslen uag
ﬁuw"ammmwﬂaﬂﬁlu@ﬂawé’ﬁ COVID-19 agwdaiitas gunsal
aghmsfalsinowasSasnmsluanesoma wagseduanudud
nasoondanluden Nonamsnademisufaiosiiafamargiu
waasliiiuinglnsaifisinauefianugndesuduiifigannni
99% daitu mahgunsatitlulfagtodisszansnmnmnlssdin
myitnuneslea dudulsslosidensiludinaziaiuasi
ansTougmainuneseaiidnegiiasiedislsa COVID-19
TasfiEmsUszifiunsihnuseleauasseiuanududines
pondnu inslinuiiamsasmsanuazainlulisunsums
uansranmamsyana uagheliyamnsmemsunmiaonu
anwdunhnosgiheldosaiidssansnmanniu

finfinssnlssme
Auifvitldsunugeanuwiuseldamswouamans
NMINNForaunn Tanlssim 2564
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